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Human-Centered
1996
(Brachman & Anand, 1996;
Gertosio & Dussauchoy, 2004)

SEMMA
1996
(SAS Institute 2005)

KDD Roadmap
2001
(Debuse et al, 2001)

Marban et al.
2007
(Marban et al, 2007;
Marban et al, 2008

5A’s
1996
(Martinez, 2003)

CRISP-DM2.0
Under construction
(The CRISP-DM
Consortium, 2008)

6-c CRISP-DM
2000

(Chapman et al, 2000)

KDD Process
1993
(Fayyad et al., 1996a, b)

1996
(Harry&Schroeder, 1999;
Pyzdek, 2003)

Cabena et al.
1997
(Cabena et al, 1997)

Two Crows
1998
(Two Crows Corporation 1998; (Moyle & Jorge, 2;
Two Crows Corporation 1999) Blockeel & Moyle, 2002)

Cios et al.

CRISP-DM
related
Other

approaches
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Anand & Buchner
1998

2000
(Cios et al, 2000;
Cios & Kurgan, 2005

(Anand & Buchner,1998;
Anand et al, 1998;
Buchner et al, 1999)
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[v] Advances in Knowledge Discovery and Data Mining
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1- Developing and Understanding of the Application

Domain

2- Creating a Target Data Set

3- Data Cleaning and Preprocessing

4- Data Reduction and Technology Projection

5- Choosing the DM Task

6- Choosing the DM Algorithm

7- DM

8- Interpreting Mined Patterns

9- Consolidating Discovered Knowledge
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1- Business Understanding

2- Data Understanding

3- Data Preparation

4- Modeling

5- Evaluation

6- Deployment
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Data
Understanding
Y
Data
Preparation
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Modeling

Understanding

Deployment

n

Evaluation

Business Data Data . .
Understanding Understanding Preparation I Modeling I Evaluation Deployment I
Determine Collect Initial Data Select Data Select Modeling Evaluate Results Plan Deployment
Business Objectives | /nitial Data Collection | Rationale for Inclusion/ | Techniques Assessment of Data | Deployment Plan
Background Report Exclusion Modeling Technique Mining Results w.r.t.
Business Objectives Modeling Business Success | Plan Monitoring and
Business Success Describe Data Clean Data Assumptions Criteria Maintenance

Criteria

Assess Situation

Inventory of Resources

Requirements,
Assumptions, and
Constraints

Risks and
Contingencies

Terminology

Costs and Benefits

Determine
Data Mining Goals
Data Mining Goals
Data Mining Success
Criteria

Produce Project Plan

Project Plan

Initial Assessment of
Tools and
Techniques

Data Description
Report

Explore Data
Data Exploration
Report

Verify Data Quality
Data Quality Report

Data Cleaning Report

Construct Data
Derived Attributes
Generated Records

Integrate Data
Merged Data

Format Data
Reformatted Data

Dataset
Dataset Description

Generate Test Design
Test Design

Build Model
Parameter Settings
Models

Model Descriptions

Assess Model

Model Assessment

Revised Parameter
Settings

Approved Models

Review Process
Review of Process

Determine Next Steps
List of Possible Actions
Decision
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Monitoring and
Maintenance Plan

Produce Final Report
Final Report
Final Presentation

Review Project
Experience
Documentation
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* Develop defect measurement

* Develop data collection process|
* Collect data

* Create forms

* Compile and display data

* Create improvement ideas

* Create models

* Experiment

* Set goals

* Create problem statement

* Create solution statement

* Implement improvement methods

Define Measure Analyse

Improve Control

* Determine benchmarks

* Set baseline

* Determine customer
requirements

* Get customer commitment
* Map process flow

* Verify data
* Draw conclusions from data

s progress
. 'lgest conclusions . * Measure improvement
etermine improvement opportunities statistically

* Determine root causes
* Map causes to effect

* Monitor improvement

* Assess effectiveness

* Make needed
adjustments
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1- Human resource identification
2- Problem specification
3- Data prospecting
4- Domain knowledge elicitation
5- Methodology identification
6- Data preprocessing
7- Pattern Discovery
8- Knowledge postprocessing
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1- Define Business problem
2- Build data mining database
3- Explore data

4- Prepare data for modeling
5- Build model

6- Evaluate model

7- Deploy model and results
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Define
business
problem

Build
Data Mining Explore Prepare
data base data data for
N modeling

Build
model
Evaluate
model

Deploy
model and
results
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Transformation

Knowledge
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ORGANIZATIONALPROCESSES
‘ Improvement ‘ ‘ Infrastructure ‘ ‘ Training
PROJECT MANAGEMENT DEVELOPMENT
PROCESSES PROCESSES INTEGRAL
Pre-Developmentprocesses PROCESS
Life cycle selection Concept System
exploration allocation
‘ Business |[ Knowlege Evaluation
el - h
— —
Development processes - -
Configuration
Supply B mess management
| . -
e W Interpvetanon
Initiation [Data mining | | / Evaluatlon Documentation
Post-Development processes
Project planning Installation Opﬁ:ﬁé‘nand
- — DrceeneS. User training
Project monitoring Maint Reti i
and control laintenance etirement
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1- Analyze the organization

2- Structure the work

3- Develop data model

4- Implement model

5- Establish on-going support
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Fomulata project goals and objectives|
- Select data mining tasks

Solect data mining techniques
-Selact data mining toois
-idantity resources required by tool
Dotormine additional r0Sourcos
requirements
-Determine feasibilty of project ]

Analyse the | _| Structure [ 2 Develop S Implement Establish On-

Organization | [~ the Work ‘ Data Model Model \l | going Support
N
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